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Flagging mechanisms on social media platforms allow users to report inappropriate posts/accounts for review
by content moderators. These reports are pivotal to platforms’ efforts toward regulating norm violations. This
paper examines how platforms’ design choices in implementing flagging mechanisms influence flaggers’ per-
ceptions of content moderation. We conducted a survey experiment asking US respondents (N=2,936) to flag
inappropriate posts using one of 54 randomly assigned flagging implementations. After flagging, participants
rated their fairness perceptions of the flag submission process along the dimensions of consistency, trans-
parency, and voice (agency). We found that participants perceived greater transparency when flagging inter-
faces included community guidelines and greater voice when they incorporated a text box for open-ended
feedback. Our qualitative analysis of open-ended responses highlights user needs for improved accessibility,
educational support for reporting, and protections against false flags. We offer design recommendations for
building fairer flagging systems without exacerbating the cognitive burden of submitting flags.
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1 Introduction

Flagging constitutes the most visible means through which social media users can directly in-
fluence platforms’ content moderation decisions. Platforms maintain complex sociotechnical sys-
tems composed of automated mechanisms and human reviewers [30, 41, 72] that continually
review flagged posts and, when warranted, impose sanctions, such as removing, down-ranking,
or shadow-banning the flagged posts [28, 32]. Given the expenses associated with content re-
view [56, 72], platforms rely on flags to identify and regulate norm violations and thereby maintain
the usability of their sites.

Flags are now ubiquitously available as a feature across all social media platforms, but their
description, placement, and implementation vary widely. For example, Reddit offers a ‘report’ but-
ton below each post, which triggers a one-step selection of the post’s rule violation among 14
categories, including “Hate,” “Sharing personal information,” and “Non-consensual intimate me-
dia.” In contrast, each post on X (formerly Twitter) has a ‘Report post’ option embedded in a drop-
down menu at the post’s top-right corner; selecting this option prompts a multi-step information-
gathering process about what is inappropriate in that post. These design choices constrain and
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influence how flaggers can articulate their objections to inappropriate posts. Yet, little prior em-
pirical research has examined how differences in flag implementations affect users’ experiences of
flag submissions. We address this gap by focusing on social media users in their capacity as flag
submitters (flaggers). Again, prior research has shown that the regular contributions of flaggers
are indispensable for most content moderation systems [12, 25]—their distributed labor collec-
tively helps moderators address the daunting task of regulating vast and evolving content [32].
Thus, it is vital that platforms design flags in ways that satisfy flaggers and encourage reporting
of inappropriate posts.

In this paper, we examine how the design of four commonly deployed flagging components
influences end-users. These components include classification schemes, which aid users in specify-
ing their reason for the report through selecting a rule violation category; community guidelines,
which direct users and moderators alike in assessing a post’s compliance with platform standards;
a text box, which gives users space to detail specifics of their objections; and moderator type, which
offers users some insight into who is administering the flag review process. Current implementa-
tions of flagging mechanisms usually adopt one or more of these components [12] to assist flaggers
with submitting their report and facilitate an efficient review of flagged items. Therefore, we ex-
amine how various combinations of these design components affect how users experience the flag
submission process.

Specifically, this paper explores users’ perception of procedural fairness in their interactions
with flagging mechanisms. The procedural fairness perspective argues that the legitimacy of a
decision-making system derives from public confidence in the fairness of the processes through
which decision-makers exercise their authority [79, 85, 86]. Scholars widely view procedural fair-
ness as a pivotal principle that should inform the design of social media governance systems [34,
40, 64, 74, 80]. Prior research on enacting procedural fairness in content moderation systems has
examined how moderation outcomes are delivered to and experienced by end-users [40, 60, 74, 81].
Building upon this rich literature, we concentrate on incorporating procedural fairness in flagging
mechanisms from the perspective of flaggers.

We aim to (a) investigate how the commonly deployed design components of flagging mech-
anisms impact users’ perceptions of procedural fairness and (b) derive empirically informed de-
sign recommendations for improving procedural fairness in flag submissions. We examine three
aspects of procedural fairness in this work—consistency, transparency, and voice [86]. We de-
scribe them in Sec. 2.2 and leverage them to motivate our research inquiry.

We deployed a mixed-methods approach from the outset of our study. In particular, we designed
a controlled online experiment to evaluate the impact of different flagging implementations on
users’ fairness perceptions. We recruited 2,936 participants using Lucid Theorem' and randomly
assigned each to experience one of 54 flagging scenarios simulated on Qualtrics. These scenar-
ios were constructed by combining different implementations (or absence) of the four flagging
components—rule violation classification scheme, guidelines, a text box, and information
about the moderator (detailed in Sec. 3, where we motivate our specific research hypotheses). Af-
ter reporting a post in such simulated flagging scenarios, participants assessed the procedural fair-
ness of their flagging experience along three dimensions—consistency, transparency, and voice—
using structured Likert scale items that our experiment presented. In addition, they responded
to an open-ended question that asked how the flagging process could be improved to better sup-
port each of these fairness dimensions. This question was designed to capture users’ underlying
reasoning and perspectives that may not have been fully expressed through predefined scales.

Ihttps://lucidtheorem.com
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Our statistical analyses show that displaying community guidelines during the flag submission
process raises users’ perceptions of transparency. Additionally, we found that offering a text box
where users can input their specific objections to the post they are reporting enhances their sense
of having a voice. Our qualitative analysis of respondents’ open-ended suggestions to enhance
flags’ procedural fairness highlights users’ interest in receiving information regarding how the flag
review process works and whether the flag reviewers are unbiased. Participants wanted flagging
mechanisms to support greater expressivity, provide timely notifications of flag outcomes, and
prevent the abuse of flags by bad actors wishing to take down otherwise appropriate content.

Our findings underscore the need for flagging systems to accommodate users’ nuanced objec-
tions about why flagged posts deserve regulation. To achieve this, we recommend that flag imple-
mentations (1) integrate a text box for users to input their detailed perspectives to the platform, (2)
enhance flags’ vocabulary of complaints [12] by letting users highlight norm-violating portions of
flagged posts and rate the violation severity, and (3) incorporate information and visualization sys-
tems that let flaggers track the review status of submitted flags. Additionally, platforms should (4)
address flaggers’ concerns regarding biased decision-making and false flagging by offering com-
prehensive information about posting guidelines, reviewers, and the review process.

2 Related Work
2.1 Content Moderation

Content moderation refers to the regulatory systems digital platforms deploy to promote effective
communication among users while deterring exploitation of community attention [32]. It ensures
norm compliance by promoting exemplary posts, restricting the visibility of inappropriate posts,
and educating users about appropriate conduct [14, 25, 42]. Content moderation involves a range
of ex ante and ex post measures—referring to actions taken before or after the content is published,
respectively [30, 32]—to address content-based harms [44, 73] and improve the quality of available
posts online. Over the past few years, all large-scale social media platforms have developed ad hoc
content moderation infrastructures to enact these measures. Such investments have often been
made in response to widespread critiques of moderation deficiencies from various stakeholders:
lawmakers, researchers, news media, and the public at large [25].

Our research addresses ex post moderation, which involves actions such as content removal,
downranking, demonetizing, attaching warning labels to posts, suspending accounts, and restrict-
ing the visibility of posts or accounts to specific users [28, 46]. Platforms implement such actions
to reduce the negative influence of content such as hate speech [17, 69, 89], bullying [14, 24], self-
harm [12, 22], violence [82], and misinformation [75, 88]. We situate flagging as a crucial mecha-
nism within the ex post moderation stage because it identifies posts that may require moderation
intervention.

While moderation decisions are made on the platform side, flagging serves as a mechanism for
users to participate in the governance process [9]. Appeal mechanisms [86, 87], which let users
express their dissatisfaction with content moderation decisions and request that they be reversed,
also allow users to communicate with platform operators. However, appeal mechanisms only con-
cern moderated users and their own sanctioned posts, leaving those flagging other users’ posts
with few or no options to appeal platforms’ decisions.

Another bottom-up moderation mechanism that many platforms offer is personal moderation [44],
which lets users limit the visibility of undesirable posts on their feeds. Personal moderation in-
cludes actions like muting or blocking an account and customizing the sensitivity threshold for
content on one’s feed according to one’s preferences [44, 45]. It exclusively affects one person’s
feed without influencing others’ content consumption [28]. Prior research examined the design
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choices involved in building personal moderation tools and recommended improvements in defin-
ing interface elements, incorporating cultural context, offering greater granularity, and leveraging
example content [44]. We add to this research by evaluating the design space of the flagging mech-
anism, another crucial user-driven moderation measure that platforms offer.

2.1.1.  Flagging as a Content Moderation Tool

As platforms grow, they face the challenges of scale when enacting content review of all submit-
ted posts [25]. Currently, flagging is employed by many social media platforms to achieve greater
efficiency in their content review processes [12, 36, 75, 84]. For instance, platforms can priori-
tize the review of posts flagged for containing inappropriate content such as misinformation or
hate speech [12, 52] and ensure immediate user safety through sanctions such as removing the
flagged posts or limiting their visibility [66, 92]. Though we focus on social media platforms in
this research, other digital platforms, such as online marketplaces (e.g., Amazon.com), financial
apps (e.g., Venmo), and sharing economy services (e.g., Uber, Airbnb) also deploy flagging as a
user-facing tool.

When we consider the impact of flagging mechanisms on end-users, three categories of users
stand out: (1) flagged users, whose posts are (either justifiably or unjustifiably) reported by another
account for infringing on platform policies, (2) flaggers, who request content review of selected
posts or accounts, and (3) silent bystanders, who witness policy violations but do not flag them.
Our study focuses on flaggers, i.e., users who engage with the flagging mechanism to report a post
and initiate its review. While some flaggers might report content that violates platform guidelines
(which is how platforms intend users to employ flags), others may use flags to express their social
or political objections to the reported post [1, 52, 80], coordinate with others to collectively get a
post sanctioned [75, 81], or pursue a personal vendetta against a poster [66]. In this article, we in-
vestigate flaggers’ experiences using the flagging mechanism to report posts that violate platform
guidelines.?

Zhang et al. [93] identified three temporally distinct stages associated with the use of flagging
mechanisms—before, during, and after flagging—and highlighted the various user needs and inter-
face affordances available in each stage. Our research focuses on the “during flagging” stage, and
examines the design opportunities within that stage to improve users’ flagging experiences.

Platforms would prefer that users flag only content that violates their existing guidelines to
optimize the labor involved in content review. As such, platforms seek to concentrate flaggers’ at-
tention on reporting authentic violations of platform guidelines. They do this by designing flagging
mechanisms in ways that emphasize their criteria for reviewing flagged content. For instance, flag-
ging interfaces often prompt users to select from predefined categories of rule violations or present
platform guidelines that may direct flaggers’ attention to what platforms consider non-normative
behaviors [8, 63]. On some platforms, flagging requires users to articulate their objections to the
flagged post in a text box. This encourages users to reflect on the purpose of their flagging and
elaborate on their perspectives regarding how the flagged post violates platform norms.

By incorporating these diverse elements, current social media sites demonstrate varied approaches
to structuring their flagging mechanisms. For example, Instagram’s flagging system lets users cat-
egorize rule violations and specify which rules the reported post has breached (Figure 1, left).
Facebook offers a similar categorization interface and additionally prompts users to review the
site’s community standards when selecting a rule violation category (Figure 1, middle). YouTube,

2Note that our use of the term flaggers refers to general end-users using the platform’s flagging mechanism; we are not
concerned with trusted flaggers, who, as Wilson and Land [89] describe, are selected among end-users by platforms and
contracted to perform moderation tasks because they possess the relevant linguistic facility or advanced knowledge of
platform policies.
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Fig. 1. When users initiate the flagging process on social media platforms, Instagram mandates that they
specify the rule violation of the post (left), Facebook offers a link to its community guidelines (middle), and
YouTube provides a text box to elaborate on the specific reasons for flagging content (right).

on the other hand, provides a text box, enabling users to articulate their reasons for flagging in
their own words (Figure 1, right).

While these distinct components constitute the reporting mechanisms across different social me-
dia platforms, scant research attention has been paid to how each component influences flaggers’
experiences. Our research integrates these diverse manifestations of commonly deployed flagging
components into an experimental framework and investigates how different design choices for
each component impact user perceptions. We describe three key aspects of procedural fairness—
consistency, transparency, and voice—in Sec. 2.2 before turning to our hypotheses about how spe-
cific flag design components impact these aspects in Sec. 3.

2.2 Procedural Fairness in Content Moderation

Fairness is a multifaceted concept that includes procedural fairness [55, 86], outcome fairness
[60, 86], and restorative fairness [51, 74], emphasizing process, outcome, and feedback, respec-
tively. Scholars focused on incorporating fairness in decision-making systems highlight enacting
unbiased processes and outcomes, avoiding unjust situations [78], and treating every individual
with respect, dignity [47], and equality [59]. Content moderation scholars, in particular, have ar-
gued that achieving fairness in moderation processes entails administering equitable treatment of
all users [40] through clear and consistent criteria for content review that integrates the needs of
marginalized groups, such as racial minorities and LGBTQ+ individuals [33, 59].

Prior research has shown that enhancing fairness in social media platforms’ decision-making
systems can positively influence user attitudes [40, 59, 61] and emotions, and thereby improve the
overall user experience. For instance, a higher perception of fairness regarding the moderation
system enhances end-users’ trust in it, which in turn lends greater legitimacy to both the decision-
making process and its outcomes [70]. Notably, this holds even when moderation systems deliver
unfavorable outcomes [86]. Further, moderation actions that incorporate fairness also encourage
moderated users to remain active within the community [40].

Acknowledging the preceding benefits of enacting fairness in content moderation systems, re-
searchers have explored designing systems that emphasize fairness. Previous studies have high-
lighted strategies such as adopting unbiased criteria for content reviews and incorporating trans-
parency in platform protocols to enhance fairness [3, 74]. For example, Pan et al. [70] found that
an unbiased moderation process could be achieved by involving an expert panel or a jury of users
in the review process, which may increase users’ perceptions of fairness. Several researchers have
also identified communication strategies to enhance moderation fairness, such as notifying users
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about content regulation via messages or emails [60] and providing comprehensive information
about content removal reasons and moderator type [42].

Though this literature provides valuable insights into what influences users’ perceptions of fair-
ness in platform-enacted moderation decisions, a gap remains in our understanding of what shapes
fairness perceptions of user-driven content moderation mechanisms, especially flagging systems.
Therefore, we explore how flaggers’ perceptions of procedural fairness may vary based on the
design components of the flagging mechanism.

We focus on three key attributes to evaluate procedural fairness—consistency, transparency, and
voice—drawing from prior research by Lee et al. [55] and Vaccaro et al. [86]. Lee et al. introduced the
fairness framework, including transparency and voice as key components, for assessing algorith-
mic fairness [55]. Within this framework, transparency consists of standards clarity, standards va-
lidity, information representativeness, and outcome explanations, whereas voice comprises users
having more control over the decision outcomes and the processes that lead to those outcomes.
Vaccaro et al. developed a scale to measure fairness by drawing from both consequentialist and
non-consequentialist approaches to justice, which differ in whether or not the rightness of an
action should be judged based on its consequences alone [86]. They defined procedural justice as
maintaining an equitable distribution of rewards or punishments and tied it to transparency, which
ensures that the decision subjects understand the process, and voice, which allows individuals to
express their opinions and arguments.

Inspired by these studies, we conceptualize procedural fairness in flagging systems as the adop-
tion of clear, equitable, and consistent standard for content review, enacting transparency in deliv-
ering procedural information, and ensuring robust user participation through input mechanisms
while flagging. This non-consequentialist approach to justice reflects our interest in understand-
ing how users perceive the fairness of flag submission procedures regardless of the final decision
outcomes. As such, we refrain from including aspects related to outcome explanation and outcome
control in our assessment of fairness perceptions.

Below, we discuss the treatment of consistency, transparency, and voice in prior content mod-
eration research and explain its relevance to flagging mechanisms to motivate our research ques-
tions. While the characteristics of procedural fairness are widely debated and scholars across fields
such as political theory, psychology, and law have emphasized different criteria of procedural
fairness [13, 48], we respond to prior calls to situate fairness within specific social contexts and
acknowledge its plurality [59].

Consistency refers to the level of uniformity of the content moderation process, i.e., how content
moderation policies are enacted to make moderation decisions regardless of the variable post-
ing contexts [48, 86]. Prior research shows that Black, Indigenous, and people of color (BIPOC),
LBGTQIA+, disabled, plus-sized individuals, and sex workers experience more frequent and more
severe moderation consequences than other users [1, 33, 58, 59] despite being subjected to the
same policies. Such inequitable moderation experiences have contributed to user perceptions that
moderation systems discriminate against certain user groups based on their identity characteris-
tics [83], further fueling the criticism that moderation has become a form of censorship [59].

Our study also addresses disproportionate moderation experiences, but we focus on a different
stakeholder—users who flag content. We posit that users’ belief in the platform’s ability to enact con-
sistent flag reviews, regardless of the flagger’s identity, is crucial. Thus, prioritizing cross-flagger
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review consistency® would mitigate disproportionality in the review process and promote a per-
ception of moderation fairness among users. Importantly, platforms should not just enact cross-
flagger consistency in their flag review processes but also satisfy end-users that such consistency
exists. We examine factors that shape consistency perceptions by exploring the following research
question:

RQ 1: How do design choices in platforms’ flagging components affect user perceptions of cross-
flagger consistency?

Note that while we focus on cross-flagger consistency, many other aspects of flagging consis-
tency warrant attention but are beyond the scope of this study. For example, consistency regarding
flag review outcomes for flagged users with different identity characteristics is important, but we
chose not to examine it here because we are not concerned with flagged users in this study.

Transparency enables individuals to see how decisions are made and ensures social account-
ability [5, 6]. In the context of content moderation, transparency has been conceptualized as the
communicative steps that platforms may take to better explain the deeper complexities of modera-
tion processes, policies, and outcomes to the many stakeholders implicated in them [81]. Content
moderation scholars have raised concerns about the lack of transparency in moderation systems,
citing insufficient details provided to sanctioned users about what rules they have violated and
whether their content was removed by an algorithm or a human moderator [16]. Researchers have
proposed various ways to enhance transparency in content moderation systems, including provid-
ing more details about decision-making processes [40, 42, 48], describing how rule violations are
detected [81], and clarifying how sanctions are determined for rule-violating posts [7].

Given that flagging is a key mechanism that drives content moderation systems, ensuring trans-
parency about it is crucial for maintaining overall system fairness, especially since it can serve
as a basis for explaining flagging outcomes. Our study focuses on enacting transparency during
the flag submission process, specifically the level of detail available or implied throughout the flag
submission process about flag reviews. That is, we conceptualize “transparency” as platforms using
flagging components to inform flaggers how flag reviews are processed. We pursue the following
research question:

RQ 2: How do design choices in platforms’ flagging components affect user perceptions of trans-
parency in the flagging process?

Voice refers to the extent to which users’ input is accommodated in the decision-making process
[48, 86].1t has been identified as crucial to shaping individuals’ fairness perceptions [19]. In the con-
text of content moderation research, Ma and Kou [59] found that YouTube creators associate the
fairness of their moderation experiences with having their voice involved in the decision-making
process. Despite its crucial role, limited research examines the perception of voice/agency that
users experience when interacting with flagging mechanisms. We conceptualize “voice” in the
context of this paper as the users’ perceived degree of involvement in the flagging process, es-
pecially regarding how well they can express their objections to an inappropriate post. We thus
pursue the following research question:

RQ 3: How do design choices in platforms’ flagging components affect user perceptions of voice
in the flagging process?

30ur use of this term refers to platforms’ consistency in the flag review process, irrespective of the flaggers’ characteristics.
This should not be confused with the degree of agreement among different flaggers when flagging any content.
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Table 1 presents these three attributes of procedural fairness, summarizes how previous literature
has addressed each in the context of content moderation, and shows how our study conceptualizes
them within the flagging mechanism.

Table 1. Procedural Fairness Attributes. For each attribute, we present its definition from prior content mod-
eration research and our conceptualization of that attribute in the context of flagging design.

Attributes Definition from Previous Research Our Conceptualization for Flagging

Flagging mechanism applies the same rules and stan-
dards uniformly, in accordance with the platform’s
values and norms, regardless of flaggers’ identity
characteristics.

Platform enforces content moderation policies
Consistency  uniformly, regardless of the specific post con-
text [1, 33, 48, 58, 59].

Platform provides users with information about
Transparency moderation process and reasoning behind
decision-making outcomes [40, 48, 60, 81, 83].

Flagging mechanism presents relevant information
about the flagging process and flag reviews.

Platforms adopt measures to integrate users’
Voice opinion into the decision-making process [48, 59,
86].

Flagging mechanism allows users to thoroughly ex-
press their objections to the flagged posts.

Besides the four flagging components indicated above, we aimed to more deeply understand
the changes that end-users seek in the broader design and policy choices associated with flag
implementations. Leveraging open-ended responses in our experiment to achieve this goal, we
ask:

RQ 4: How should flagging processes change to enhance users’ fairness perceptions?

To summarize, our study investigates flaggers’ perceptions of procedural fairness — specifically,
consistency, transparency, and voice — within flagging mechanisms designed with diverse compo-
nents. We situate this work in conversation with other Human-Computer Interaction (HCI) stud-
ies [2, 44, 50, 60, 70, 76] that experiment with interface and policy designs to improve platform
governance outcomes.

3 Components of Flagging Design

Our study examines four components of flagging mechanisms commonly adopted by social media
platforms. Drawing on the characteristics of each component and insights from previous literature,
we formulate hypotheses about how these factors contribute to different fairness attributes in this
section. We also describe how we operationalized each component through our survey questions.

3.1 Flag Classification Levels

As users engage in the flagging process, they may encounter a classification scheme with primary
menus and submenus (see Figure 2) that specify the range of rule violations the flagged post may
have, such as hate speech and spam. Making selections from predefined rule violations lets users
categorize their concerns with the flagged post [12]. From platforms’ perspective, imposing this
precisely designed classification scheme on users is crucial to triage flagged posts, validate whether
the selected rule violation occurred, and highlight that the content of flagged posts drives flag
review decisions (instead of other factors, such as flaggers’ identity). However, it is not yet clear
how the design of classification schemes affects flaggers’ perceptions of fairness.

This study explores how adjusting the granularity of rule violation selection within the classifica-
tion scheme impacts users’ perceptions of fairness in the flag review process. A more granular scheme
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Report X
Why are you reporting this photo?
If someone is in immediate danger, get help before reporting to
Fac Don't wait S Report X
Nudity or sexual activity > Which best describes the problem?
Bullying or harassment > Credible threat to safety >
Suicide, self-injury or eating disorders > Someone is being exploited > « Report X
Violence, hate or exploitation > mesmeliketeronsm > You're about to submit a report
. We only remov nt that goes against our Community

Selling or promoting restricted items > Calling for violence > Standards. You view or edit your report details below.
Scam, fraud or impersonation > Seems like organized crime > Report details Edit
Spam > Promoting hate > Why are you reporti oto?

Violence, hate or exploitation
False information > Showiing violence, death or severe injury >

which b bes the problem?
Intellectual property > Child abuse > Credible threat to safety

Fig. 2. This example illustrates Facebook’s flag classification scheme after users initiate the flag submission
process. In this example, the user categorizes her reason for flagging as ‘Violence, hate or exploitation’ from
the main menu; this selection displays a submenu from which the user selects the subcategory ‘Credible
threat to safety. Finally, the system displays these selections to the user, along with the submit button that
prompts completing the report.

would let users select not only one of the few broad rule categories (e.g., hate speech, misinforma-
tion) but also the precise subcategory within each category (e.g., race-based hate speech, health
misinformation).

Since the rule violation scheme is derived from content moderation guidelines, we expect that if
the flagging mechanism offers users more detailed categories for flagging, they will perceive that
the system prioritizes its formalized moderation criteria rather than other factors, such as flagger
identity. Therefore, we hypothesize:

H1-1: More granular designs of flag classification schemes in a flagging mechanism will
increase users’ perceptions of consistency in the flag review process.*

Transparency is linked to the amount of information about the process [55, 71]. Thus, furnishing
a more detailed rule violation classification scheme may enhance the transparency of the flag
review process. Therefore, we hypothesize:

H1-2: More granular designs of flag classification schemes in a flagging mechanism will
increase users’ perceptions of transparency in the flag review process.

Given that voice is closely tied to providing opportunities for users’ perspectives to be ex-
pressed within the process [47, 48], incorporating more detailed levels of rule violation classifica-
tion scheme may lead users to perceive that the platform has a genuine interest in understanding
their concerns, which may result in an elevated perception of having a voice in the process. We
therefore hypothesize:

H1-3: More granular designs of flag classification schemes in a flagging mechanism will
increase users’ perceptions of voice in the flag review process.

Operationalization
In our survey, we organized rule violations into nine distinct primary categories, each with an

4With this hypothesis, we also mean to include the assertion that providing even the least granular classification scheme

will increase users’ consistency perceptions when compared to not providing any classification scheme. We have similarly
merged other assertions throughout Sec. 3.1 and 3.2 to achieve conciseness.

ACM Trans. Soc. Comput., Vol. x, No. x, Article xxx. Publication date: 2026.



xxx:10 Shim and Jhaver

Table 2. A taxonomy of rule violation categories developed by referencing flag interfaces across multiple
platforms. We used this taxonomy to operationalize flag classification choices in our survey. Each category
below also included an additional submenu option of ‘Something else’

Primary category Subdivision category
Child exploitation
. Child neglect
Child safety Child nudity
Inappropriate interaction with children
Health

False news or misinformation | Politics

Social issue

Me

Someone I know

Race or ethnicity
National origin
Religious affiliation
Hate speech Social caste

Sexual orientation
Sex or gender identity
Disability or disease
High profile impersonation
Impersonation Private impersonation
Unauthentic behavior
Drugs

Weapons

Endangered animals
Other animals

Harassment or bullying

Unauthorized sale

Self-injury Sul(.:lde .
Eating disorder
Nudity or pornography
Sexual activity Sexual exploitation or solicitation

Sharing private images
Animal abuse
Violence or incitement Riot or terrorism
Death or severe injury

additional submenu, as shown in Table 2. This classification scheme was developed by referencing
rule violation categories in flagging mechanisms across major social media platforms, including
Facebook, Reddit, X, and YouTube. By synthesizing rule violation categories across multiple plat-
forms, we aimed to allow users to explore flagging mechanisms without focusing on the norms
for any particular platform.

When designing rule violation classification schemes, we constructed three types based on the
number of steps involved in rule violation category selection. Each participant interacted with one
of these three scheme types:

(1) Users are not required to select a flag category.

(2) Users are required to select only a primary flag category.

(3) Users are required to select a primary flag category and a corresponding subcategory.

3.2 Posting Guidelines

Posting guidelines are crucial for designing accountable content moderation systems because they
serve as the official criteria for the platform’s moderation decisions [25, 62, 94]. Prior research also
shows that drawing users’ attention to posting guidelines contributes to pro-social community
outcomes. For example, Matias [63] demonstrated through an online experiment on Reddit that
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announcing posting guidelines in public discussions increases the likelihood of compliance with
them and encourages newcomer participation. Further, when guidelines are easily noticeable, users
are more likely to accept the platform’s moderation decisions [3, 50] and perceive them as fair [40].

While this literature has established the benefits of how users’ attention to posting guidelines
enhances their fairness perception of moderation outcomes, little attention has been given to inte-
grating these guidelines into flagging mechanisms and exploring its impact. We investigate how
different granularity levels of posting guidelines influence users’ perceptions, specifically regard-
ing the fairness of the flagging process.

Offering clear posting guidelines in the flagging mechanism may lead users to perceive that
the review process adheres to a predetermined rubric and is largely influenced by the specified
guidelines and not other external factors. Additionally, we posit that more detailed guidelines,
presented with specific examples of rule violations, could further strengthen the perception of a
robust rule-based review process. Therefore, we hypothesize:

H2-1: Integrating more granular designs of posting guidelines into a flagging mechanism
will increase users’ perceptions of consistency in the flag review process.

Integrating posting guidelines in the flagging mechanism is a way of disclosing content review
criteria by illustrating possible flaggable posts, thereby enhancing users’ understanding of the
content review process [69]. We therefore hypothesize that:

H2-2: Integrating more granular designs of posting guidelines into a flagging mechanism
will increase users’ perceptions of transparency in the flag review process.

Showing guidelines in the flagging procedure may impose a sense of the need for strict adher-
ence to predefined rules. Since users sometimes flag in ways that may not align with platforms’
notion of flaggability [52], requiring them to follow the guidelines may lead to perceptions that
they cannot express their opinions freely. We thus hypothesize:

H2-3: Integrating more granular designs of posting guidelines into a flagging mechanism
will decrease users’ perception of voice in the flag review process.

Operationalization

We developed a set of platform guidelines that explicitly describe the types of content prohibited
on the platform. Table 3 shows this list and their corresponding examples. We developed these
guidelines by synthesizing Facebook, Reddit, X, and YouTube guidelines. To construct them, we
consulted publicly available documents such as ‘community standards, ‘content policy, ‘rules and
policy, or ‘community guidelines & policies, from each platform. By identifying common guide-
line themes across platforms, we compiled a core list of community guidelines and incorporated
specific language from different platforms to clarify them.

To construct detailed guidelines, we gathered illustrative examples for each rule violation cate-
gory through two means: (1) using examples officially offered in platforms’ descriptions of com-
munity guidelines and (2) conducting a content search on platforms with keywords borrowed from
guidelines.

We designed three levels of posting guidelines in our survey interface, each differing in the
depth of information provided:

(1) Users do not see any posting guidelines.

(2) Users see posting guidelines consisting of simple descriptions for each type of guideline
violation.

(3) Users see posting guidelines consisting of simple descriptions and example posts for each
type of guideline violation.
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Table 3. Posting guidelines synthesized from Facebook, Reddit, X, and YouTube, and used in our survey
interface. A prompt reading ‘We do not allow content that’ appeared above these guidelines when they were

shown.

Posting Guidelines

Examples of Posts Violating the Guideline

Depicts or encourages harm against chil-
dren, including maltreatment and exploita-
tion.

-“[Sadistic video toward a child] Being strict with your child at an early
age will bring you some benefits.”
-“Leave a child alone at home. They need to be strong by themselves.”

Contains false news or inaccurate informa-
tion.

- “There is no climate emergency. It’s another scam. Time to wake up.”
- “Covid-19 vaccines can cause injury and Death. Save people from being
vaccinated.”

Contains bullying or threats against anyone.

- “Look at this dog of a woman! She’s not even a human being — she
must be some sort of mutant or animal!”
- “T hate her so much. I wish she’d just get hit by a truck and die”

Demeans, defames, or promotes discrimina-
tion against individuals or groups of people.

- “A shit Muslim bigot like you would recognize history if it crawled up
you cunt””

- “4LGBT community is full of whores spreading AIDS link the Black
Plague”

Solicits any transaction or gift of ille-
gal/regulated goods.

- “[A picture of a firearm] Order a custom gun today—DM for purchase.”
- “Having cigarettes, tobacco today #Teens #studentDiscount.”

Celebrates or encourages destructive behav-
ior.

- “All my problems will disappear if I become skinnier.”

- “Please participate in Momo challenges [self-harm challenges] for your
BEAUTY”

- “[External page links]: Who wants sexual gratification? Come and en-
joy!”

- “Here are some [celebrity’s name] wardrobe accidents & nude photo
leaks. Check them out today”

- “Here is useful information about how to hit a woman so no one
knows.”

- “[Video showing a white nationalist punching a black BLM activist]
There’s no better feeling than eliminating the enemy”

Contains sexually explicit images/videos.

Depicts or facilitates violence or aggression.

3.3 Text Box

From the perspective of end-users, most content moderation processes have rigid protocols that of-
fer limited opportunities for expression or interaction with platform administrators [44, 77]. How-
ever, some mechanisms offer flexibility e.g., a text box in a flagging mechanism that invites users
to express their opinions before a flagging decision is made. We examine the utility of offering
such a text box in the flagging mechanism, enabling users to explain their reasons for flagging,
including how toxic posts impact them. We expect that this text box would empower flaggers to
actively participate in content moderation by detailing their objections, and its unrestricted nature
would let them express their opinions in diverse and personalized ways.

However, users may also perceive that incorporating text box input into the review process
significantly increases the moderators’ degree of freedom in evaluating flagged content, which
could shift the review process away from standardized protocols. This flexibility may lead users
to perceive greater uncertainty about the flag review process and how it would be shaped by the
length and quality of their flag submissions. Therefore, we hypothesize:

H3-1: Offering a text box in a flagging mechanism will decrease perceived consistency in
the flag review process.

By elaborating the context of the flagged post and the rationale for its inappropriateness, flaggers
provide moderators with a basis for post review. The availability of this text box may signal to users
that moderators incorporate this input into their decisions—this offers additional insight into the
review process. We thus hypothesize:
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Please describe your problems with this post.
Your response will let us know what's happening and help us review this post.

Fig. 3. Participants can express their opinions about the flagged post using the text entry feature provided

by Qualtrics.

H3-2: Offering a text box in a flagging mechanism will increase users’ perceptions of
process transparency.

Including a text box in the flagging process lets users articulate their reasons for flagging with
higher precision. This feature empowers users by granting them substantial autonomy to express
their flagging intentions beyond the confines of predefined options provided by the platform’s
classification scheme. We thus hypothesize:

H3-3: Offering a text box in a flagging mechanism will increase users’ perceptions of voice
in moderation decisions.

Operationalization

We integrated a text box in our survey’s flagging mechanism using the text entry feature provided
by Qualtrics. This text box enabled participants to input their responses without any word limit,
and it was furnished with the prompt, “Please describe your problems with this post. Your response
will let us know what’s happening and help us review this post.” Figure 3 displays how this box
appeared during the survey. Each participant experienced one of the following two conditions:

(1) Users are not shown this text box.
(2) Users are given this text box to express their opinions regarding the flagged post.

3.4 Moderator Type

After users submit a flag for moderation, it undergoes assessment by either a human or auto-
mated moderator [70, 75] who evaluates whether the flagged content should be kept on the site
or sanctioned. Several studies indicate a preference among users for human decision-makers over
Al counterparts due to perceptions that humans can better recognize emotions [57, 90]. However,
some research suggests that whether a moderator is human or Al does not significantly affect
perceptions of fairness [40], transparency [29, 69] and trust [65] in moderation decisions.

Though these prior studies explore how the choice of Al versus human decision-makers shapes
user perceptions of moderation outcomes, we know relatively little about how different types of
moderators impact user participatory processes like flagging. We investigate how different sce-
narios in flagging mechanisms involving three types of moderator information (human, bot, not
specified) affect users’ perceptions of the fairness of flag review.

Human moderators are proficient in incorporating the context and using their domain knowl-
edge when regulating posts, but they risk introducing potential biases in decision-making [70]. In
contrast, automated moderators make decisions based on objective, predefined criteria [69], even
though they may be unable to account for some relevant context. Thus, we hypothesize:
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H4-1: Providing a moderator’s identity as a bot compared to when it is unknown or human
in a flagging mechanism will increase users’ perceptions of consistency in the flag review
process.

Transparency in content moderation fosters a meaningful understanding of the moderation pro-
cesses and improves accountability [81]. Lack of information about the moderator type may lead
users to speculate about who reviews their flagged posts, thereby reducing transparency about the
process [66, 80]. Therefore, we hypothesize:

H4-2: Providing a moderator’s identity as a human or bot compared to when it is unknown
in a flagging mechanism will increase users’ perceptions of transparency in the flag review
process.

Prior studies have shown that users perceive decisions made by human moderators, such as ex-
pert juries, to be more legitimate than those made by Al [70]. Additionally, users prefer expressing
their opinions to human moderators during the appeal process since they believe that humans are
more likely to examine their opinions with empathy and compassion [91]. We thus hypothesize:

H4-3: Providing a moderator’s identity as a human compared to when it is unknown or
a bot in a flagging mechanism will increase users’ perceptions of voice in the flag review
process.

Operationalization

Following the other flagging prompts, we included a thank you message to users for their flag-
ging action in our survey, optionally accompanied by moderator information. Specifically, each
participant saw one of the following messages:

(1) No moderator information: “Thank you for reporting.”

(2) Human moderator review: “Thank you for reporting. Our team of human moderators will
review your flagged content.”

(3) Automated moderator review: “Thank you for reporting. Our automated moderator will re-
view your flagged content. Automation enables us to manage the hundreds of millions of
reports we receive annually more effectively.”

4 Methods

We begin this section by describing how we implemented 54 distinct flagging scenarios using
Qualtrics to survey our participants. Next, we offer information about our survey deployment and
detail our ethical considerations. Finally, we describe the methods we used to analyze the Likert
scale and open-ended responses from our survey data. We preregistered this study at OSF.

4.1 Survey Design

Our mixed methods study deployed a triangulation design [37] in which we collected both quanti-
tative and qualitative data using a questionnaire that contained both open-ended and close-ended
questions. Both methods were given equal weight [37] and the mixing of the two methods occurred
during the interpretation of the study results (Sec. 6). This approach allowed us to compare and
contrast our findings to produce well-validated conclusions and gain an in-depth understanding of
how the overall design and procedural space of flag mechanisms shape flaggers’ fairness attitudes.

To collect data for this study, we created an online survey using Qualtrics software and dis-
tributed it via Lucid Theorem, an academically-oriented survey platform, to collect responses from

Shttps://osf.i0/982wd/?view_only=91e6792f777b44b582fd6bb480ab142c
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U.S. adult internet users. The survey began with a page displaying seven examples of rule-violating
posts, shown in Table 4. Warning: The example posts in Table 4 may be disturbing to some readers.

Table 4. Rule-violating Posts that Survey Participants Were Asked to Choose From to Initiate the Flagging
Mechanism.

No. Post

1 Mexicans come from an uncivilized, backward society. They are filthy criminals, molesting innocent Amer-
ican women and menacing entire neighborhoods. For the sake of our safety, they should all be beaten up
and rot in jail forever.

2 @Seanl1 I hate all you F***er and your mother all of you should go die in a hole!

3 Drinking bleach has been scientifically proven to prevent COVID-19. You should drink a 250ml glass of
bleach with every meal. We will get through this together!

4 Today is a great day! I ate 723 calories today and have been exercising since 10 a.m. It’s better to die
than to never be skinny. Maintaining 40 pounds is a mandate for an adult woman. #Anorexia #annorexya
#anoreskya

5 Download the software for credit card number generator today - [website URL]

6  Omg just got tons of Bucks from here! - [xyz phishing site].com.

7  Thave a masturbation video of @Janny12. **Cute Yellow Chink Asian! ** Selling for $100 for just 5 minutes!
If anyone wants 37 minutes of her video, send me a private message.

We borrowed and modified these rule-violating examples from previous research [18, 29, 53, 68]
as well as posts we encountered during our regular use of social media. These posts reflected the
diversity of norm violations users might encounter in their everyday use of social media, including
instances of hate speech, bullying, self-injury, and misinformation. We constructed three of these
posts in ways that pose classification challenges due to either the absence of a clear rule viola-
tion category or multiple possible selections within the rule violation classification scheme. For
instance, post #7 in Table 4 is an example of race-based hate speech that is also sexually explicit.
This approach aimed to encourage participants to consciously explore the flagging process and
invest more effort into elaborating upon their intentions.

The survey instructed participants to read all seven posts and choose one to report. At this point,
we also described the concept of flagging on social media, explained that our survey questions
would simulate the steps involved in flagging a post, and requested participants to follow these
steps to submit a flag in ways similar to how they would flag their selected post on a social media
platform. After selecting a post, participants were randomly assigned to one of the 54 flagging
scenarios simulated via Qualtrics questions (i.e., we did not direct participants to an external site)
as described below. This selected post was displayed at the top of the screen to guide participants
throughout the flagging procedure.

The flag submission choices shown to participants followed a between-subjects factorial de-
sign created by combining different implementation choices for the four flagging components. It
comprised 3 (Rule violation classification schemes) x 3 (Granularity of posting guidelines) x 2
(Availability of a text box) x 3 (Types of moderators) different conditions. Depending on their
assigned scenario, participants experienced variations in the design of the rule violation classi-
fication scheme, the level of detail regarding platform guidelines, the presence or absence of an
open-ended text box, and information about the moderator (human, bot, or left unspecified).

4.1.1. Flagging Scenarios
Section 3 details how we operationalized the four components of flagging designs within the

Qualtrics software. In summary, Figure 4 illustrates the flagging components and an example of
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flagging design flow a participant could have encountered in the survey. The left column enumer-
ates each component and its different levels (i.e., conditions). The right column shows one example
of the flagging scenario a participant might have encountered. Once a participant selected one of
the seven inappropriate-post examples listed above, the flagging process (scenario) started. In the
scenario illustrated in Figure 4, a participant would have been required to choose a rule violation
from the primary classification scheme for the post they selected. Then, the participant would have
been offered a text box to describe the rule violation in detail. The final step would have been a
message of gratitude for flagging, informing them that an auto-moderator will review the post

they flagged.

Components and

Levels/conditions A scenario example that a participant experience

Level 2: A participant selects a main rule viclation classification.

What type of issus are you reperting?
. . . . O Child satety
Rule violation classification
© False news or misinformation
(1) None © Hare spsecn
(2) Primary rule violation e
classification i
(3) Primary and subcategory rule O seitinjury
violations classification R
O Harassment of bullying
(O Vickencs and incilement
Guidelines Level 1: And doesn't see any guidelines

(1) Nene
(2) Simple guidelines
(3) Guidelines with examples

[ 1
Level 2: And she/he has to write down their opinion.

Please describe your problems with this post. Your response will let us know
Free wriﬁng box what's happening and help us review this post.

(1) None
(2) Free writing box

Level 3: And she/he will see information that an automated moderator
will review the post.

Moderator
Thank you for flagging.
(1) None
(2) Human moderator Our automated moderator will review your flagged post.
(3) Automated moderator Automation enables us to more effectively manage the hundreds

of millions of reports we receive annually.

Fig. 4. The four components, the different levels of each component, and an example scenario of the flagging
mechanism experienced by participants. The left column outlines each element of the flagging mechanism
along with its corresponding levels, while the right column exemplifies a scenario comprising a randomly
selected combination of these levels.

4.1.2. Dependent Variables: Procedural Fairness

In each scenario, after participants completed the flagging, they were prompted to evaluate their
perceptions of procedural fairness regarding the flag mechanism they encountered. The survey
directed participants to respond to three questions assessing procedural fairness that we developed
for this study, as outlined below:
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(1) “This flagging mechanism will review each flagged post consistently regardless of the flag-
ger’s personal characteristics, including gender, age, and account history.”

(2) “This flagging mechanism offers sufficient visibility into the important elements of the flag
review process.”

(3) “This flagging mechanism allows me to fully express my objections with the flagged post”

We used responses to these questions to operationalize participants’ perceptions of consistency,
transparency, and voice, respectively. Participants indicated their responses to each of these ques-
tions on a 7-point Likert scale that ranged from Strongly Disagree to Strongly Agree.

Additionally, to answer RQ 4, the survey featured three open-ended questions asking participants
to provide suggestions on how the flagging process could be further enhanced. These questions
were:

(1) “What changes would you suggest to this flagging mechanism process to increase your trust
that the flag review is consistent regardless of who flagged the post?”

(2) “What changes would you suggest to improve the transparency of this flagging mechanism
process?”

(3) “What changes would you suggest so that users can more fully express their objections about
the concerned posts?”

4.1.3.  Usability

As detailed above, our experimental design enacted 54 distinct flagging scenarios, each comprising
a combination of varying levels of components, resulting in differing workloads for each scenario.
According to the Technology Acceptance Model (TAM), which examines user interaction with sys-
tems, the cognitive effort expended during system use significantly influences subsequent system
adoption [15]. In accordance with this model, we expect that the diverse scenarios in our survey
could impose varying cognitive burdens on the users and influence their future use of flags. Thus,
in each scenario, we included two questions to assess usability as part of the survey: one regarding
the effort required by users to use the flagging mechanism and the other regarding participants’
intentions to use this mechanism in the future. Participants were asked to rate the following two
questions using a 7-point Likert scale:

(1) “How demanding was it for you to use this flagging mechanism to report the post you se-
lected?” (rated on the scale of “Very demanding’ to “Very undemanding’)

(2) “How likely are you to use this flagging mechanism to report any inappropriate post on a
social media platform you use?” (rated on the scale of ‘Very likely’ to ‘Very unlikely’.)

4.2 Deployment of the Survey

Our study was considered exempt from review by Rutgers University’s IRB on 16 November, 2023.
Before launching the survey, we conducted a pilot survey from 1 May to 8 May, 2024 to gather
feedback on the survey’s wording and organization. Based on this feedback, we revised the survey
questionnaire by adjusting certain words and adding signposts. This piloting also gave us confi-
dence that the participants, including those without any prior flagging experience, could immerse
themselves in the flagging task during the course of the survey. After this, we rolled out our main
survey, which targeted U.S. adult internet users aged 18 and above. Participants were recruited
through Lucid Theorem (https://lucidtheorem.com), a survey company providing access to nation-
ally representative samples, from 16 May to 18 May, 2024. Participants who completed the survey
received $1.50 in compensation via the Lucid system. In total, we collected responses from 3,650
participants.
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We excluded respondents who opted out during the survey (N = 496).° We also conducted sev-
eral pre-processing actions to ascertain our data quality, e.g., we filtered out responses where
participants spent less than 1 minute or more than 50 minutes on the survey (N = 40), or exhibited
straight-lining behavior by selecting the same response for all questions (N = 178). Following these
pre-processing steps, we retained 2,936 survey responses, which we used for our subsequent analy-
ses. Appendix A describes the demographic distribution of our survey sample. Note that while our
use of Lucid Theorem let us recruit demographically diverse participants, our research concerns
with process inference rather than population inference [35, Ch. 3], i.e., we are more interested in
illuminating the processes producing the effects observed rather than guaranteeing the population
representativeness of our data providers.

On average, the participants took 393.2 seconds to complete the survey. As mentioned above,
the survey began with participants selecting a post to flag from the list of rule-violating posts
presented in Table 4. Table 9 (Appendix B) shows the distribution of post choices made by survey
participants and how average fairness perceptions vary across these choices — we did not find any
noticeable trends in fairness perceptions based on participants’ post choices.

4.2.1.  Ethical Considerations

Our survey contained several examples of social media posts that breach platform guidelines and
are regarded as inappropriate. These cases were included to direct participants’ attention to the
rationale behind reporting and to provide a realistic context for navigating the flag submission
procedures. When obtaining consent to participate in this study, we informed participants of the
potential risk of encountering inappropriate posts before they began the survey. Participants who
preferred not to view these posts could choose not to participate and opt out of the survey.

We included only textual content in our examples, refraining from using visually disturbing ma-
terial to mitigate the risk of participants experiencing psychological harm. To safeguard the mental
health of our participants, we provided information about mental health resources, including the
contact information of organizations such as the National Institute of Mental Health and Mental
Health America, for participants to use if they needed help.

4.3 Data Analysis

4.3.1. Quantitative Analysis
We used SPSS Version 29 to analyze our quantitative data. Sec. 5.1 presents the results of our
quantitative analyses. To test hypotheses H1-3, H2-1, and H2-3, we conducted one-way Analysis
of Variance (ANOVA) tests. ANOVA examines whether statistically significant differences exist
between three or more groups. In cases where homogeneity of variance was violated (Levene’s
test resulted in a p-value below .05), we employed Welch’s ANOVA test (H1-1, H1-2, and H2-2). For
testing hypotheses H3-1, H3-2, H3-3, H4-1, H4-2, and H4-3, we conducted independent samples t-
tests. This method examines whether statistically significant differences exist between two groups.
As an additional exploration, we built a General Linear Model (GLM) to examine the interaction
effects among our independent variables on participants’ perceived consistency, transparency, and
voice. This analysis demonstrated how different combinations of component choices impact users’
perceived fairness. Additionally, we evaluated how each flagging component impacted flaggers’
cognitive burden. To test whether different choices of classification schemes, posting guidelines,
and moderator type affect participants’ cognitive load, we conducted three separate ANOVA tests,
Qur review of collected data shows that 253 participants opted out on the first page where we requested participation
consent, 7 dropped out at the next question requesting selection of a post that participants would like to flag, 148 dropped

out in the flag submission stage, and 88 dropped out after answering the flag submission questions. We found no noticeable
trends in the number of dropouts across the different flag implementation scenarios.
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one for each of those components. In the case of the text box, we conducted an independent sam-
ples t-test to see how the availability of the text box affects users’ perceived cognitive burden.

4.3.2.  Qualitative Analysis

The survey included open-ended questions (Sec. 4.1.2) to elicit suggestions for enhancing consis-
tency, transparency, and voice in the flagging mechanism. After cleaning the data, we collected
1,741 valid responses for these three questions: Consistency (N = 657), Transparency (N = 691), and
Voice (N = 393). Next, we performed an inductive analysis [11] on these responses using NVivo
v.14.

Although the survey provided separate boxes for suggestions related to each aspect of fairness
(consistency, transparency, and voice), respondents frequently combined and expressed their re-
sponses in a single long answer, highlighting the interconnected nature of these aspects. Thus,
we integrated responses to these separate sections and analyzed them together to understand the
participants’ intentions better. In addition, we excluded the responses that merely pointed out the
importance of each flagging component without any additional elaboration, e.g., a response just
stating ‘text box’ was excluded. This step helped us surface more nuanced insights.

Next, the two coauthors independently analyzed the initial 20% of open-ended responses con-
cerning consistency, transparency, and voice, and coded them. Some responses were so detailed
and complex that we attached multiple codes to them. Subsequently, we engaged in iterative discus-
sions to compare and refine our codes, often reflecting on emerging concepts and quoted responses,
and achieving consensus on code definitions and applications through collaborative discussions.
After coding the entire dataset, we refocused our analysis at the broader level of themes rather than
codes. Specifically, we iteratively sorted related codes into potential themes by using mind-maps
and attending to the relationships between codes and between emerging themes [4]. Through this
process, we next reviewed and refined our candidate themes and arrived at five key themes we
present as our findings. Sec. 5.2 presents the results of our qualitative analysis.

5 Findings
5.1 Quantitative Findings

Table 5. Mean (M) values of Perceived Consistency, Transparency, and Voice Across Different Conditions
of Flagging Components (Likert Scale: Strongly Disagree = 1 to Strongly Agree = 7). Standard deviation
(SD) values are in parentheses. N represents the number of participants placed in each condition.

Condition Group Condition N  Consistency (M, SD) Transparency (M, SD) Voice (M, SD)

None 968 5.53 (1.45) 5.29 (1.43) 5.23 (1.66)

Classification Scheme  Simple 980 5.61 (1.39) 5.35 (1.32) 5.37 (1.45)
Detailed 988 5.48 (1.51) 5.27 (1.39) 530 (1.52)

None 993 5.51 (1.48) 5.15 (1.45) 5.24 (1.61)

Guidelines Level Simple 971 5.53 (1.45) 5.33 (1.37) 5.31 (1.54)
Detailed 972 5.59 (1.43) 5.44 (1.29) 5.35 (1.49)

o .. Absent 1,492 5.54 (1.44) 5.27 (1.38) 4.94 (1.64)

Text Box Availability -, o 1,444 5.55 (1.46) 5.33 (1.38) 5.67 (1.35)
Not Available 988 5.56(1.46) 5.32 (1.38) 5.33 (1.54)

Moderator Type Human 972 5.52(1.45) 5.27(1.41) 5.26 (1.55)
Bot 976 5.55 (1.45) 5.33(1.34) 5.32(1.55)

Table 5 shows the mean values of perceived consistency, transparency, and voice reported by
participant groups that encountered different conditions for the four flagging components. Given
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that we ran three comparison tests for each flagging component (one each for consistency, trans-
parency, and voice), we estimated the statistical significance of each result following Bonferroni
correction (o < .05/3). Table 6 summarizes the results for our hypothesis.

Table 6. Summary of Research Hypotheses, Variables, and Outcomes

Hypothesis Independent Variable Dependent Variable Outcome
:—ilslt-e ;xore granular classification schemes will increase perceived con- Granularity  of Consistency Not supported
H1-2 More granular classification schemes will increase perceived classification
scheme Transparency Not supported

transparency.
H1-3 More granular classification schemes will increase perceived Voice Not supported
voice.
::3;}1} More granular posting guidelines will increase perceived consis- Granularity  of Consistency Not supported
H2-2 M 1 ti ideli ill i i _ posting  guide-

ore granular posting guidelines will increase perceived trans lines Transparency Partially supported
parency.
H2-3 More granular posting guidelines will decrease perceived voice. Voice Not supported
H3-1 Offering a text box will decrease perceived consistency. Text box Consistency Not supported
H3-2 Offering a text box will increase perceived transparency. availabil- Transparency Not supported
H3-3 Offering a text box will increase perceived voice. ity Voice Supported
H4-1 A bot t ill have high i i th

bot moderator will have higher perceived consistency than an Consistency Not supported

unknown or human moderator.

H4-2 A bot or human moderator will have higher perceived trans- Moderator type
parency than an unknown moderator.

H4-3 A human moderator will have higher perceived voice than a bot

or unknown moderator.

Transparency Not supported

Voice Not supported

5.1.1.  Rule Violation Classification

We tested Hypotheses 1 by examining how different implementations of rule violation classifi-
cation schemes affect user perceptions through three separate ANOVA tests. First, we rejected
H1-1 given that contrary to our hypothesis, participants shown a simple classification scheme
have a higher perceived consistency than those shown a detailed one (Table 5). Further, no signifi-
cant differences were observed between the absent and simple conditions, nor between the absent
and detailed conditions. We also rejected H1-2 since the different classification schemes do not
significantly impact perceived transparency. Finally, we rejected H1-3, given that differences in
classification scheme do not significantly impact perceived voice.

5.1.2.  Posting Guidelines

To test Hypotheses 2, we used three ANOVA tests to examine how displaying posting guidelines
with different granularity levels affect user perceptions. We found that these differences do not
significantly impact participant perceptions of consistency and voice, thus rejecting H2-1 and
H2-3. However, our Welch’s ANOVA test confirmed a significant relationship between the levels
of guidelines and perceived transparency (F(2, 1952.81) = 11.36, p < .001). Conducting a Games-
Howell post hoc analysis, we found partial support for H2-2—participants encountering simple
(M =5.33) or detailed guidelines (M = 5.44) have a significantly higher perception of transparency
than those in the absent guidelines condition (M = 5.15).

5.1.3. Text Box

We conducted t-tests to examine how the availability of a text box affects user perceptions to test
Hypotheses 3. Our analysis shows that the availability of open-ended text boxes that let users
describe their reasons for flagging does not significantly affect their perceptions of consistency
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and transparency, leading us to reject H3-1 and H3-2. However, we found support for H3-3—
participants in the text box condition (M = 5.67) report a significantly higher perceived voice com-
pared to those without such a box (M = 4.94, #(2859.50) = -13.32, p <.001).

5.1.4.  Moderator Type

To test Hypotheses 4, we conducted ¢-tests to examine how different moderator types affect user
perceptions. Our analyses found that different moderator identities do not significantly impact
perceived consistency, transparency, and voice. Therefore, we reject the hypotheses H4-1, H4-2,
and H4-3.

5.1.5. Additional Analyses: Interaction Effects and Usability

Interaction Effects. In addition to testing our proposed hypotheses, we explored the interaction
effects among the four flagging components on perceived consistency, transparency, and voice.
Table 10 in Appendix C shows the results of this analysis. We estimated the statistical significance
of these results following Bonferroni correction (o < .05/15) and concluded that the interaction
between classification schemes and the availability of a text box significantly affected perceived
voice (F(2, 2936) = 8.29, p < .001). Specifically, for participants in the condition without a text box,
providing either a simple (MD (mean difference) = 0.34, t(2882) = 3.48, p < .001) or detailed (MD
= 0.35, #(2882) = 3.59, p < .001) classification scheme elicited significantly higher perceptions of
voice than providing no classification scheme (Table 11, Appendix C). All other interactions did
not significantly affect any of the three aspects of procedural fairness.

Usability. We examined how variations in each component of flagging mechanisms differen-
tially impacted the cognitive burden on our participants, thereby potentially influencing flag us-
ability. Our analysis (Table 12, Appendix C) shows that participants in the condition with a text
box (M = 3.86, SD = 1.73, SE = .05) experienced a significantly higher cognitive burden compared
to those without such a box (M = 3.66, SD = 1.80, SE = .05). No other effects approached statisti-
cal significance. We also found that variations in how each flagging component is presented (or
not presented) did not significantly affect participants’ self-reported likelihood of using flagging
mechanism (Table 13, Appendix C).

5.2 Qualitative Findings

Our inductive analysis surfaced five themes through our combining and distilling of codes that
together provide a nuanced understanding of user perspectives on enhancing fairness in flagging
mechanisms, thus addressing RQ 4. Table 7 summarizes these themes and their frequency. These
findings offer additional insights into the implementation of flagging components we explored
in our quantitative analysis, but they also offer a broader perspective on other design and policy
solutions that could enhance fairness in flagging systems.

Table 7. Analysis of Responses to Open-ended Questions: Suggestions for Enhanc-

ing Fairness.
Theme Frequency
Desired attributes of flag reviewers 138 (11%)
Needing support for greater expressivity 297 (24%)
Demanding outcome notifications with timely review 361 (29%)
Expectations regarding review procedures and statistics 298 (24%)
Preventing flagging abuse and protecting flaggers 144 (12%)
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5.2.1. Desired Attributes of Flag Reviewers

Participants frequently expressed their concerns about flag reviewers’ biases and detailed their
preferences for either human or Al moderators and their reasons for such preferences. Some par-
ticipants (N = 61) mentioned that they prefer a human reviewer who can understand the context
and nuance of the flagged post. Further, a few (N = 9) expressed their interest in communicating
with moderators about the flagging process and the results. This suggests that users need thor-
ough explanations for flagging outcomes through detailed conversations. For instance, participant
P312 suggested:

Enable direct messaging with moderators for in-depth discussions.

However, other respondents (N = 24) expressed a preference for Al-based reviewers, such as
a bot or an algorithmic moderator, to enhance fairness. These divergent views regarding the types
of reviewers are consistent with our quantitative findings, which indicate no significant differences
in perceived fairness based on the moderator type.

Many respondents offered suggestions to reduce biases in decision-making. For example, 17 par-
ticipants suggested that platforms implement collaborative decision-making by involving multiple
moderators for flagged posts. Some participants specified their suggestions for a certain combina-
tion or number of moderators (often three) or a mix of human and bot moderators. They believed
that such cooperative decision-making in the flagging process would increase fairness and reduce
biases. For example, P405 wrote:

Form a diverse review team comprising individuals with varying backgrounds, perspec-
tives, and experiences. This diversity helps mitigate biases and ensures a more balanced
evaluation of flagged content.

Further, to reduce a biased flag review process, 27 participants emphasized the desired quali-
fications and characteristics of individual moderators. This includes moderators’ expertise in the
subject matter of reviewed content, their understanding of ethical standards regarding rule viola-
tions, and their political neutrality.

5.2.2. Needing Support for Greater Expressivity

Respondents often noted that the existing flagging features do not allow them to fully express their
objections to the flagged posts, and they proposed many constructive suggestions for improving
flagging systems to better support expressivity. Among these, the most frequently suggested fea-
ture referenced the classification scheme, such as adopting a broader classification scheme (N
= 45) with a wider range of rule violation categories for selections and the inclusion of multi-
ple choices for flagging reasons (N = 90), which would enable flaggers to select several rule
violation categories within the classification scheme. For example, Participant P158 advocated for
allowing the selection of multiple categories, anticipating that it would induce changes at the flag
review stage:

Allow to select more than one answer. Sometimes flagging should be reviewed for more
than one concern: this might increase the likelihood of a thorough review.

Such responses reflect participants’ desire to provide the platform with a more precise under-
standing of their objections with flagged posts by elaborating on the types of rule violations they
encounter. Other suggestions on how to achieve this included an ability to rate the severity of
posts (N = 15) or highlight specific sections of posts that violate rules (N = 14). For instance,
P708 noted:

Even within flagged items, the severity level is not touched. Some flagged categories are
more harmful than others.
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In addition to emphasizing their need for clear and detailed reporting, some participants stressed
the importance of maximizing user participation in the flagging process. For instance, they desired
an ability to use alternative channels (N = 21) for flagging inappropriate posts, such as chat,
email, or phone calls. Some felt that platforms should encourage users to flag more (N = 19). This
could be achieved by providing clear instructions, step-by-step explanations, or incentivizing flag
submissions for users. Another suggestion to enhance user participation and promote inclusivity
was to simplify the flagging process (N = 73), ensuring that it is user-friendly and accessible to
a wide range of users.

Use easy words to describe so that everyone will understand easily. (P782)

Further, some participants advocated for adopting measures that enable flaggers to corroborate
a post’s toxicity by sharing their perspectives and referencing previously flagged posts. This find-
ing suggests that incorporating multiple perspectives, not only from flag reviewers but also among
flaggers themselves, could contribute to designing a fairer flagging mechanism. As specific meth-
ods, respondents expressed interest in discussing toxic posts in a forum (N = 21), where they
could share their thoughts on the regulation of such posts. Another approach to ensuring accu-
rate judgment of the post’s toxicity involved reviewing similar previously flagged posts and
their post-review outcomes before submitting a flag. Participants believed that implement-
ing such features would enhance the credibility of their objections and provide the platform with
clear insights into the urgency of removing flagged content.

Besides communicating their objections to individual posts, some participants desired an ability
to provide feedback on their flagging experience (N = 6). That is, they wanted to voice their
opinions not only about inappropriate posts on the platform but also about the flag submission
process and its results. P249 elaborated on how the platform must listen to users’ opinions on the
flagging mechanism:

The [flagging] mechanism should be reevaluated at least every three months in case any
revisions are indicated over time.

This shows that participants want to contribute and express their perspectives on how the flag-
ging mechanism should operate. In line with this, some participants recommended including a
rebuttal or appeal option in the flagging process that would allow flaggers to contest the
flag outcome decisions (N = 12). P708 specifically emphasized that an appeal process for flagging
outcomes is crucial for both parties—the flagger and the author of the flagged post:

You should be able to dispute the flag on both sides of it.

5.2.3. Demanding Outcome Notifications with Timely Review

Many respondents (N = 284) expressed a strong preference for receiving notifications of flag-
ging outcomes and explanations for those outcomes. Given that our survey questionnaire was
designed to gauge perceptions of procedural fairness prior to decision-making for the flagged
content, this finding highlights that participants closely associate the decisions regarding flagged
posts with the overall fairness of the flagging mechanism. P312 emphasized the importance of
transparency in decision-making, stating:

The review committee should write back to the flagger why they agreed or disagreed with

the flagger’s decision to flag certain content.

Some respondents expressed a strong desire to receive a timely reply to their flags, which relates
to the ‘voice’ aspect of procedural fairness. This suggests that flagging mechanisms should not
only allow users to express their concerns during flagging but also ensure that these concerns are
promptly considered and addressed in a responsive manner. This desire was especially reflected in
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participant suggestions for an expedited review process to inform flaggers of flag outcomes (N
= 31). For instance, P174 noted the importance of timely reviews, recommending that:

Ensure follow-up or decision is made within 24 hours.

Additionally, some respondents (N = 46) called for immediate actions, such as post removal
or account suspension upon flagging. For instance, P304 suggested making flagged posts invisible
until a decision is reached about their removal:

Delete the post until you confirm it is something that violates the rules.

To sum up, users perceived fairness in the flagging process as being related to the platform’s
immediate responsiveness and timely notification of the flagging results. We infer from these sug-
gestions that users’ perceptions of fairness during flagging may depend on their beliefs of how
seriously the platform takes their flagging requests, how clearly the decision outcomes are ex-
plained, and the time it takes to review the requests.

5.24. Expectations Regarding Review Procedures and Statistics

Respondents often desired to learn more about platforms’ processing of flags at the system level.
In addition to the flagging results, a significant portion of participants (N = 131) shared their need
for more information on the flagging process, specifically about how the review process works.
They argued that the flagger should be informed about the review criteria the platform adopts, who
conducted the review, what steps are entailed in the review process, and how long they should
expect to wait until the decision-making occurs. For instance, P500 proposed:

Probably more specifics. “Your report will be reviewed with[in] X period of time.”

In addition, 15 respondents mentioned that the flagging mechanism needs to provide informa-
tion about the possible outcomes of flag review, such as the removal of flagged posts and the
additional sanctions that flagged users may face. They felt such information would help end-users
decide whether and how to flag inappropriate posts they encounter. Further, 137 respondents con-
veyed their specific needs to have regular updates on the submitted flag by tracking changes
in the flag review status. They desired a flag tracking system that could offer information such
as the confirmation of flag submission, the review steps already taken, the current review stage,
and the remaining steps. They hoped that such information could be provided via emails, message
notifications, or a dedicated flag tracking page on the platform. For instance, P540 mentioned:

[Platforms should] offer an incident number that the person making the flag can refer to,
then allow a process to follow the incident number through completion.

Some participants suggested that platforms provide statistics on flag submissions and flag
review outcomes (N = 15). They felt that platforms could enhance transparency about flagging
by disclosing statistics related to the number of flags submitted and deleted as well as the relative
frequencies of rule violation categories of submitted flags in the form of monthly or annual reports.

5.2.5. Preventing Flagging Abuse and Protecting Flaggers

In addition to the suggestions about various components of the flagging mechanism, respondents
provided feedback on improving overall platform management, including the flagging mechanism.
Some respondents (N = 20) emphasized the need to prevent abuse of flagging by malicious
users. This concern was specifically raised about potential misuse, where flags might be submitted
without any valid reasons for post removal. They noted that the platforms must verify each flag to
ensure it originates from a human user, i.e., it is not automated, and that it is not driven by specific
political agendas. P109 underscored this by stating:

Make sure the flag is correctly verified because some people just flag others for no reason.
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Additionally, respondents advocated for implementing ex-ante preventive measures (N = 38)
to curb the dissemination of toxic content, and thereby eliminate the need to flag it ex-post. Sugges-
tions included employing advanced filtering systems that block posts containing certain keywords
and displaying some sanctioned posts as examples of what constitutes norm violations for educa-
tional purposes. Some respondents also suggested that flaggers should directly communicate
with the authors of rule-violating posts independent of the flagging mechanism, which could
reduce reliance on flagging as the primary means of enforcement. P816 suggested:

Instead of reporting, go directly to the person and talk to them. If that doesn’t work, then
report them.

In contrast, some respondents emphasized the importance of protecting flaggers (N = 60) to
ensure fairness. They stressed the need for secure flagging processes that shield the identity of flag-
gers and prevent potential repercussions by authors of flagged posts. Some participants expressed
that this confidentiality is also crucial in minimizing biases during content review, i.e., modera-
tors should review flagged posts without knowing who flagged them. Alongside user protection,
considerations for safeguarding free speech (N = 23) were also prominent. While acknowledging
the role of flagging in community moderation, users cautioned against overly restrictive flagging
practices that could stifle online expression. P555 wrote:

People need to understand that everyone has a right to their own opinions.

6 Discussion

We began this study with the goal of examining how flagging mechanisms should be designed
to enhance fairness perceptions among flaggers. Our statistical analysis of responses from a large-
scale survey experiment shows that including posting guidelines and a text box for feedback within
flag implementations helps enhance users’ fairness perceptions, whereas offering classification
schemes or providing information about whether the flag reviewer is a human or a bot does not
significantly influence users’ attitudes. Our qualitative analysis of open-ended responses shows
that users feel concerned about reviewers’ biases, desire flagging systems to support greater ex-
pressivity, demand timely notifications and explanations of flag outcomes, wish to see information
about flag processing at the system-level, and expect platforms to prevent flag abuse.

These results contribute empirically informed guidance on how social media platforms should
design different components of their flagging interfaces and how these design choices could impact
users’ attitudes toward flagging. We document the key information and security needs of flaggers
and offer insights for how platforms could address them. We show that users’ engagement with
flags triggers a range of sociopolitical concerns regarding platforms’ responsibilities, freedom of
speech, algorithmic evaluation, safety against online harms, and privacy. Our study design also
provides a methodological framework that others can adopt to evaluate the effectiveness of new
components and affordances that seek to address users’ reporting needs.

Prior empirical research on enacting fairness in content moderation [40, 42, 61, 66, 86] has
largely focused on how moderation decisions are administered and communicated to moderated
users. In contrast, our study foregrounds the experiences of flaggers and highlights their percep-
tions of procedural fairness at the during reporting stage of the flagging pipeline. Because flaggers
provide indispensable labor for reporting systems [12, 25], ensuring their trust and ongoing par-
ticipation is essential for sustaining a successful platform governance. Prior work also shows that
enhancing procedural fairness in moderation can increase users’ trust [70], even when moderation
outcomes are unfavorable [86], and can encourage continued community participation [40]. By ex-
amining flaggers’ perceptions of procedural justice in flag implementations, our findings identify
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design considerations that can strengthen their trust and support their sustained engagement. No-
tably, we show that from the flaggers’ perspective, each aspect of flagging mechanisms—the proce-
dural elements available during flagging, flag review criteria, flagging outcomes, and how they are
communicated—require greater consistency, transparency, and support for user expression. At-
tending to these user needs may lead to clearer, better-justified, more frequent, and higher-quality
flags, thereby improving the efficiency of the moderation pipeline as a whole.

In designing this study, we did not ground our questions in a specific social media site to increase
the generalizability of our results. Thus, our findings represent a baseline understanding of how
users perceive flagging mechanisms regardless of their prior experiences with moderation or the
platform’s reputation. Our platform-agnostic design represents one end of a deliberate trade-off
between achieving experimental control versus ecological validity that researchers must make
in studying widely available moderation affordances like flagging. However, real-world flagging
unfolds in environments where trust in platform varies widely, and users hold distinct expectations
for different platforms. Moreover, in real settings, users’ contextual ties with the flagged content
may heighten their emotional involvement and render procedural details of the flag mechanism
more consequential. Thus, platform-specific research that builds upon our work, especially the
inquiries that longitudinally examine how users naturally interact with flags in their daily social
media use, would offer further valuable insights.

Below, we discuss our design insights, elaborate upon our theoretical contributions regarding
flagging as a content moderation mechanism, and suggest promising avenues for further research.
We also present Figure 5, which offers the conceptual framework that guided our study design,
maps how specific implementations of flag components shape users’ fairness perceptions based
on our empirical analysis, and summarizes our key findings. This framework serves as an overview
that guides the following discussion.

6.1 Enhancing Users’ Perceptions of Being Heard and Allowing Detailed Expression

6.1.1. Incorporating a Text Box in Flagging Mechanisms

Our analysis reveals that flaggers’ fairness perceptions, especially regarding having a voice in the
content moderation process, improve when they have an opportunity to express in detail their
objections to the post during the flagging process. Specifically, our quantitative analysis demon-
strates that the availability of a text box, which lets users articulate their thoughts in their own
words within the flagging mechanism, significantly enhances their sense of being heard (Sec. 5.1.3).
Contrary to our hypothesis H3-1 (Sec. 3.3), adding this text box to flag designs does not come at the
cost of reducing users’ perceived consistency (Sec. 5.1.3). This finding differs from prior work on
designing appeal mechanisms to reverse moderation decisions, which showed that giving users an
opportunity to submit text-based appeals does not significantly improve perceived voice or related
fairness perceptions of moderation outcomes [86].

This suggests a crucial design implication: the timing or the context in which the user voice
is solicited matters. In post-hoc moderation appeal settings, expression (by an already moderated
user) occurs after a punitive decision has already been made, within a highly constrained jurisdic-
tional frame that limits perceived voice. By contrast, flagging enables users to define the problem
and articulate their own norms to inform the yet-to-begin decision-making process, and this con-
text affords greater expressive freedom. Indeed, our findings indicate that treating users as early
contributors to the decision-making process substantially strengthens their perceived voice.

Moreover, by positioning users as active agents within the moderation process, a text box could
also enhance outcome fairness by providing flag reviewers with additional context to fairly evaluate
flagged posts. Flag outcomes that are accompanied by explanations regarding decision-making [40,
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Fig. 5. On the left, this study’s conceptual framework is shown, mapping how we hypothesized the relations
between flagging design components and fairness perceptions, and highlighting instances when we rejected
the null hypotheses. On the right, the key analysis results are summarized.

42] and how flaggers’ voice was considered could improve flaggers’ and flagged users’ perceptions
of both procedural and outcome fairness.

We found that a text box increases the cognitive load on users when flagging a post (Sec. 5.1.5),
which may reduce the mechanism’s overall usability. Although we did not find a direct association
between this feature and users’ intention to flag again, prior research indicates that mental fatigue
during the flagging process can lead to negative user experiences [26]. Therefore, platforms should
carefully consider adopting this feature since it may limit user participation. One way for flag
mechanisms to reduce unwarranted cognitive load could be to make user input in this text box
optional and clarify that it is to be used only if flaggers want to provide additional necessary
context.

Further, we recognize that a rigorous implementation of this feature requires platform moder-
ators to carefully consider user-submitted text when making their moderation decisions, which
presents challenges of scale [27, 30]. The results of our interaction effects suggest a likely compro-
mise: we found that when flagging mechanisms do not offer a text box, the ability to specify rule
violation through a classification scheme becomes significantly more crucial to satisfying users’
voice needs (Sec. 5.1.5). Therefore, we suggest that if platforms are concerned about the negative
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impact of a text box on usability or cannot afford to implement one due to labor constraints, they
should at least implement a robust classification scheme for rule violations (or another analogous
feature that lets users adequately specify their post objections) in their flagging mechanisms.

6.1.2. Establishing Mechanisms to Track Flag Status

Our qualitative analysis underscores users’ desire not only to voice their objections to the flagged
post but also to ensure that their flag request has been successfully submitted, that they can mon-
itor the flag processing status (Sec. 5.2.4), and that their flags receive timely decision-making by
flag reviewers (Sec. 5.2.3). This emphasizes users’ need for platforms to take their input in the
moderation process seriously and to address their concerns without undue delays.

We echo participants’ suggestion that platforms implement a streamlined tracking system that
allows users to monitor the review progress of submitted flags. Such post-flagging interfaces could
connect their design goals to values important to end-users, such as reliability, compassion, and
social responsibility [87]. They could also offer affordances such as the ability to “unflag” a post or
submit additional evidence after flagging. Previous HCI research efforts to design for contestability
in moderation procedures [86, 87] could serve as a blueprint for taking a user-centered approach to
building such flag-tracking systems. Some participants expressed a desire to provide feedback on
their flagging experiences (Sec. 5.2.2). This suggests that offering a chance to be heard on the entire
flagging process (i.e., beyond their objections to individual flagged posts) may influence users’ fair-
ness perceptions. Therefore, platforms could deploy a feedback system to collect recommendations
for improvements and regularly evaluate the feedback received to update their current practices.

6.1.3. Widening Flags’ Vocabulary of Complaint

Prior theoretical analysis of flagging mechanisms emphasized that flags offer “a narrow vocabulary
of complaint” and do not account for the many complex reasons that people might choose to flag or
let users specify their degree of concern with the flagged posts [12]. Our quantitative analysis did
not find a relationship between the granularity of classification schemes and fairness perceptions
(Sec. 5.1.1). However, we found that offering a classification scheme (either simple or detailed)
enhances voice perceptions when a text box is not provided (Table 11) and providing this scheme
does not impact usability (Sec. 5.1.5).

These partial findings suggest that designing classification schemes warrants further investi-
gation, particularly in light of the sensitivity of our manipulation. Our operationalization distin-
guished simple from detailed schemes by adding a corresponding subcategory for each primary
flag category. Yet, it is possible that the presence (or absence) of such subcategories does not matter
much to end-users. If users associate granularity with richer design features—for example, select-
ing from a wide range of custom tags—our subcategory-based manipulation, although modeled on
real-world implementations, may not have been psychologically salient enough to shift fairness
perceptions. Moreover, the experimental task required participants to select one post from a set of
seven that they already wished to report. Because the choice itself focuses participants on content
they found most objectionable, classification granularity may have had limited influence on fair-
ness perceptions when the violation category was already evident. Overall, these results indicate
that asking users to categorize their objections using a classification scheme remains fundamen-
tally a constricted way to submit reports from users’ perspectives—and adding submenus to these
schemes does not aid in addressing users’ expression and fairness needs (Sec. 5.1.1).

Our qualitative results offer some clues on how platforms could expand flags’ narrow vocabulary
of complaint. Our participants suggested that flagging mechanisms deploy a classification scheme
that allows the selection of multiple rule violations, an ability to highlight portions of the flagged
post that violate platform rules, and a way to rate how severely inappropriate the post is (Sec. 5.2.2).
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Studies that experiment with such additional innovations in flag designs (e.g., finding optimal
taxonomy on which flaggers rate a violation’s severity) would be valuable. Participants’ demand
for such features indicates that users feel a need to exert a greater level of voice and control over
the moderation procedures, echoing previous research findings on users interacting with personal
moderation [44] and community management tools [41].

While users desire expressive flagging options, it is crucial that platforms provide such options
only when they can effectively incorporate that expression. For instance, allowing flaggers to pro-
vide free-text responses may enhance their sense of having a voice (perceived fairness) during flag
submission, but it does not improve actual procedural fairness if the flag reviewers lack the ability
to process that input when making moderation decisions. Such ineffectiveness could, in the long
run, backfire and further reduce users’ trust in the moderation process.

In sum, enacting flagging solutions that let users clarify the post’s context and offer greater flexibil-
ity than having to shoehorn complex feelings into a single category selection [12] would enhance
flaggers’ fairness perceptions.

6.2 Incorporating Transparency in Review Criteria, Reviewers, and Review Outcomes

6.2.1. Integrating Posting Guidelines in Flagging Mechanisms

Our statistical analyses show that incorporating posting guidelines into the flagging process en-
hances participants’ perceptions of fairness (Sec. 5.1.2). Specifically, providing these guidelines
improves users’ perceptions of moderation transparency, and providing additional information—
such as examples of rule-violating posts in these guidelines—further contributes to users recog-
nizing the flagging process as more transparent. This aligns with prior research on the design of
personal moderation interfaces [44], where including examples of rule-violating posts enhanced
users’ perceptions of control over the moderation process. We also found that contrary to our hy-
pothesis H2-3 (Sec. 3.2), integrating posting guidelines does not compromise users’ perceptions
of voice (Sec. 5.1.2), and neither does it raise users’ cognitive burdens (Sec. 5.1.5)—these results
further incentivize showing posting guidelines to flaggers.

However, most mainstream platforms currently do not include posting guidelines in their flag-
ging designs; we found that, currently, only Facebook and Instagram link users to these guidelines.
We suggest that platforms list or link posting guidelines in the flagging mechanism to enhance their
users’ understanding of the flag review process and improve their transparency perceptions.

6.2.2. Offering Information About Flag Reviewers

Our quantitative analysis shows that fairness perceptions of flagging procedures are not influ-
enced by information about the moderator type (a human, a bot, or no information) (Sec. 5.1.4),
which aligns with prior research findings [29, 65, 69]. However, our qualitative findings suggest
that participants were not simply reacting to whether a reviewer was human or Al; instead, they
expressed interest in more granular information about reviewers’ qualifications. We found that
disclosing moderators’ professional characteristics, e.g., information about their experiences and
skills, such as the training they receive or their expertise in specific subjects, can foster greater trust
in the flag review procedures (Sec. 5.2.1). Because these findings are exploratory, future work is
needed to evaluate whether such information meaningfully affects fairness perceptions in practice
and how it can be presented while still respecting moderators’ privacy.

Our qualitative findings also highlight users’ preference for involving multiple reviewers in con-
tent moderation (Sec. 5.2.1). Although our quantitative analyses did not test for multiple reviewers,
participants suggested that using more than one moderator or combining human and bot review-
ers could enhance fairness in the flag review process. This aligns with Fan and Zhang’s finding
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that group-based moderation improves perceptions of fairness [21] and Katsaros et al’s observa-
tion that users prefer systems that combine humans with algorithmic decisions [47], supporting
the need for hybrid review models. Consistent with prior work [20, 70], users’ preference for mul-
tiple moderators appears to stem from concerns about potential biases when a single moderator
makes decisions. Thus, even though deploying multiple moderators could be resource intensive,
our participants’ responses underscore the importance of exploring mechanisms that incorporate
diverse perspectives and substantively safeguard against reviewer biases.

6.2.3. Reforming Post-flag Submission Steps

Participants emphasized the need for greater transparency in the flag review process and the dis-
closure of information about post-flag submission steps. This involves revealing the review criteria,
the specifics of each step in the flag review, the expected timeline, and the information visible to
reviewers about flaggers (Sec. 5.2.4).

Additionally, our qualitative insights show users’ concerns that the flag review process may not
adequately address the problem of malicious [31] or organized [12] flagging, i.e., flagging of content
that does not violate platform guidelines (Sec. 5.2.5). Since a flag may not accurately indicate the
post’s actual inappropriateness [52], e.g., some people may exploit flags as a form of ‘digilantism’
or politically motivated extrajudicial practice [38], users feel concerned about unjust sanctions
against norm-complying content. We suggest that platforms assuage such concerns by informing
users about the measures they take to prevent malicious users from abusing flagging. For example,
they could specify their procedures for sanctioning users who repeatedly engage in false flagging.
Further, in cases where flagged posts fall into borderline or ambiguous categories, platforms could
incorporate additional verification steps—such as secondary review or escalation to a specialized
moderation tier—to increase confidence in the legitimacy of the final decisions.

6.3 Supporting Flaggers with Different Technological Competencies and Diverse
Perspectives

6.3.1. Improving Flagging Visibility and Accessibility

Participants’ open-ended responses indicate a desire for flagging systems to have greater acces-
sibility and improved usability to empower more users to report inappropriate posts (Sec. 5.2.2).
Our analysis also surfaced a need to extend awareness about flags, e.g., by educating users on how
to flag objectionable content effectively, why such flagging is important, and how their feedback
is processed. Platforms themselves can play an important role in such educational initiatives. As
noted by Naab et al. [67], platforms often fail to encourage user engagement by not providing clear,
accessible information on flagging uncivil posts, highlighting the need for more visible guidance
on flagging. Further, it is vital to promote user participation through clear descriptions of flagging
steps, offering incentives, and ensuring the simplicity and convenience of the flagging process. Ad-
ditionally, establishing diverse channels for reporting inappropriate content, such as phone calls,
emails, and chats, could help users with different technological competencies and preferences to
flag in ways they find intuitive and accessible.

6.3.2.  Hosting Discussion Forums for Flagging

As participants suggested, platforms could also create special forums for discussions centered
around flagging (Sec. 5.2.2). For example, such forums could host conversations about whether
certain controversial posts should be flagged or how platforms’ moderation policies and flagging
classification schemes do not accommodate certain norm violations. They could also offer users
a converging space to discuss their flagging experiences, e.g., forum members could share their
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flagging history regarding the outcomes of posts they previously flagged. Such spaces could al-
low users to appreciate diverse perspectives regarding content moderation and develop a shared
understanding of how platforms respond to flagging efforts.

One challenge with hosting such forums is that a narrow set of influential individuals with
strong viewpoints or even bad actors may unduly influence discussions about flagging norms, e.g.,
conversations about whether certain posts should be flagged [23]. Therefore, platforms should
carefully design such gatherings in collaboration with a diverse set of stakeholders, state their
purpose clearly, and keep them well moderated.

6.4 Addressing Online Harms Holistically

6.4.1.  Enacting Outcome Fairness in Flagging Mechanisms

Our study investigated how different components of the flagging system influence users’ percep-
tions of procedural fairness. Procedural fairness, as studied by several researchers [79, 85, 86], is
characterized by its non-consequential nature and concerns users’ experience of the procedural
steps [59]. However, our qualitative analysis revealed that many participants link fairness in flag-
ging procedures to the future decision outcomes (Sec. 5.2.3).

Specifically, participants observed that flagging mechanisms can enhance their fairness by pro-
viding clear information about outcomes accompanied by detailed reasoning for outcome deci-
sions. Some participants also indicated a need for a rebuttal system that lets flaggers challenge
flagging outcomes (Sec. 5.2.2). Others were curious to see comprehensive statistics about the regu-
lation of flagged content, including the proportion of submitted posts that are flagged and the ratio
of flagged posts sanctioned within specific timeframes (Sec. 5.2.4). These suggestions indicate that
users conceptualize fairness of flagging mechanisms in a holistic manner, especially attending to
flagging outcomes and how they are communicated as well as platform-wide measures associated
with flagging.

We recommend that platforms include relevant system-wide descriptive information about the
use of flags in their transparency reports. This could include the number of flags submitted under
each flagging category, alongside a summary of their review outcomes. It would be valuable to
learn the extent of false (or malicious) flags that platforms detect on their site, and the origins
(e.g., flaggers’ countries) and targets (e.g., how many of the accounts falsely flagged belong to
politicians, public figures, etc.) of such actions. Platforms could also reveal how flag reviews con-
tinue to shape other elements of the moderation ecosystem, e.g., how they are used to enhance
automated decision-making.

6.4.2. Encouraging Norm Compliance Among Flagged Users

Beyond concerns about whether the flagged post was sanctioned [12], flaggers may be invested
in how effective their flagging efforts are at preventing further norm violations by the flagged
users. Indeed, our findings show that some users prefer educating rule-violating users rather than
merely taking punitive measures against them, such as removing their content after flag review
(Sec. 5.2.5).

Therefore, platforms should consider investing in educational measures, such as helping the
authors of flagged posts better understand the community rules and how to adhere to them. As
prior research shows, moderator messages that explain to the sanctioned users why their posts
are removed help improve their attitudes and future behaviors [40, 42]. Highlighting, rewarding,
and incentivizing desirable behaviors also reinforce constructive contributions [10, 54]. Further,
platforms may strengthen ex ante moderation measures [32], such as surfacing posting guidelines
while a user is writing a post or using Al-based tools to warn users when their post draft is likely
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to be sanctioned [39, 49]. In line with findings from Zhang et al. [93], some of our respondents
preferred directly communicating with rule-violators over reporting them to persuade norm com-
pliance. Such measures may reduce the burden of flagging on regular users and flag review on
moderators.

6.4.3.  Supporting Free Speech Values

Our qualitative analysis also highlighted that upholding free speech values in moderation mech-
anisms is critical for many end-users (Sec. 5.2.5). Some participants stressed that using flags as
a tool to induce post removals may violate free speech principles. As prior research points out,
free speech proponents support the use of personal moderation tools like muting and blocking,
especially when compared to platform-enacted moderation, because these tools affect only the
configuring user’s newsfeed [44, 45]. Thus, platforms might consider informing users about these
alternative options to address content-based harms [43] and clarifying their distinct affordances
when they attempt to use the flagging tools.

6.5 Limitations and Future Work

We captured our participants’ demographic details directly from Lucid’s pre-collected data, which
does not allow reporting of non-binary gender identities. Future studies using Lucid Theorem can
capture this information using a separate question in the survey. Additionally, we measured each
of the three procedural fairness aspects with a single-item indicator designed to efficiently capture
participants’ immediate reactions to our design manipulations. Future studies can further increase
the reliability of results by employing validated multi-item scales to capture the multifaceted na-
ture of each fairness dimension.

Our experiment evaluated participants’ flagging of a single inappropriate post selected from a
set of seven rule-violating examples. This small sample cannot represent the wide range of content-
based harms that could trigger flagging. Additionally, different users might experience different
levels of outrage in response to the same post, and this outrage level could be an important influ-
ence on their cognitive evaluations and fairness perceptions of flags—this could be a valuable met-
ric to assess in future research. On the other hand, a preliminary analysis we conducted showed no
significant differences in fairness perceptions based on the initially selected examples, supporting
the robustness of our findings.

Our use of a between-subjects experimental design meant that each participant experienced
only one flagging implementation. This design choice precluded collecting participant feedback on
why many of the specific interface differences we tested did not yield significant shifts in fairness
perceptions. Future studies that deploy within-subjects designs could offer valuable insights into
how users perceive and compare particular differences in flag designs.

Moreover, users’ behaviors may vary in their daily social media use as they encounter multiple
instances of norm violations. It is possible that flagging multiple posts (instead of a single post,
as tested in this study) could give users more experience and have them develop stronger stances
on flags’ procedural fairness. While the use of highly offensive stimuli in our survey creates a
strong setting for evaluating flag mechanisms, less extreme content might shape flagging needs
and actions differently. Therefore, longitudinal or in situ analyses that examine how users interact
with flagging tools in their day-to-day settings would be valuable to further inform the tradeoffs
between incorporating fairness and reducing cognitive burden.
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7 Conclusion

This paper examines how flag components that provide different types of information about the
flag review process shape users’ attitudes toward flagging. Our analysis shows that including post-
ing guidelines in flag designs enhances users’ transparency perceptions and offering a text box
improves their voice perceptions. We found that users desire flag mechanisms to support greater
expressivity, timely notifications of flag review updates, increased visibility into flag review pro-
cedures and reviewers, and stronger protections against flag abuse. We discuss how innovations
in flagging systems, such as establishing diverse channel for reporting and offering support for
highlighting the severity of rule violations, could better support end-users’ fairness demands. This
investigation demonstrates how the design and policy choices made in the implementation of flag-
ging infrastructures deeply shape users’ daily experiences of social media use and address (or fail
to address) their vital needs to combat content-based harms. We call for future studies to deploy
similar user-centered approaches and social justice orientations to improve the current practices
of platform governance.
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A Survey Sample Description

Table 8 shows the demographic characteristics of the survey respondents. Our participants in-
cluded 1,441 males and 1,495 females, and they had a mean age of 45. The majority of income
brackets of our sample were between $25,000 and $49,999 (25.0%) and less than $25,000 (24.9%).
Study participants were predominantly White (72.3%), followed by Black or African American
(12.2%), and other ethnic groups (15.5%). Geographic distribution showed that respondents were
predominantly from the South (37.6%), followed by the West (23.8%), the Northeast (20%), and
the Midwest (18.6%). Daily social media usage was the most prevalent (67.3%), with only 12.3% of
participants reporting less frequent than weekly use. Educational attainment varied widely: 33.9%
attended some high school or less; 53.3% attended some college, including AD and BA; and 12.8%
had graduate degrees.

B Fairness Perceptions for Different Flagged Posts

Table 9 shows variations in fairness perceptions for different selections of inappropriate posts to
flag by survey respondents.

C Additional Analyses

Table 10 below presents the GLM analysis results, which indicate how different combinations of
flagging components interact, affecting perceived consistency, transparency, and voice. Next, we
present Table 11, which details our results on interaction effects of the classification scheme and
a text box on perceived voice. Tables 12 and 13 summarize our results on how different flagging
components influence usability. We comment on these results in sec. 5.1.5.
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Table 8. Demographics of Survey Respondents.

Shim and Jhaver

Demographic Factor Category Number (%)

Gender Male 1441 (48.6%)
Female 1495 (50.4%)

Age Range: 18-89 (Mean = 45) -

Ethnicity White 2123 (72.3%)
Black or African American 359 (12.2%)
Asian 152 (5.2%)
Pacific Islander 254 (8.7%)
American Indian or Alaska Native 48 (1.6%)

Hispanic, Latino, or Spanish Origin

Yes
No

377 (12.8%)
2559 (87.2%)

Income

Less than $25,000
$25,000 to $49,999
$50,000 to $74,999
$75,000 to $124,999
$125,000 and above
Prefer not to answer

736 (25%)
738 (25.1%)
543 (18.5%)
555 (19%)
336 (11.4%)
28 (1%)

Political affiliation Democrat 1217 (41.5%)
Republican 1090 (37.1%)
Neutral 659 (21.4%)

Geographic region South 1104 (37.6%)
West 699 (23.8%)
Northeast 587 (20%)
Midwest 546 (18.6%)

Social media use frequency Never 168 (5.7%)
Once a week 193 (6.6%)
2-3 times a week 291 (9.9%)

4-6 times a week
Daily

308 (10.5%)
1976 (67.3%)

Educational attainment

Some high school or less

Some college including AD, BA
Master’s degree or equivalent
Doctorate degree

996 (33.9%)
1565 (53.3%)
281 (9.6%)
72 (2.5%)

Table 9. The mean values of perceived consistency, transparency, and voice for each of the rule violation
examples that participants choose to flag in the survey. Standard deviation (SD) values are shown in brackets.

Mean (SD)
Category N - -
Consistency Transparency Voice

Mexicans come from an uncivilized ... 621 5.57 (1.45) 5.33 (1.31) 5.31 (1.49)
@Sean11 I hate all you F*** .. 272 5.50(1.52) 5.39 (1.29) 5.33 (1.43)
Drinking bleach has been scientifically ... 694 5.68 (1.37) 5.42 (1.36) 5.35 (1.56)
Today is a great day! I ate 723 calories ... 165 5.09 (1.62) 4.98 (1.64) 5.01 (1.74)
Download the software for credit card ... 178 5.34 (1.57) 5.01 (1.49) 5.00 (1.60)
Omg just got tons of Bucks from here! ... 134 5.24 (1.56) 5.00 (1.41) 4.86 (1.68)
I have a masturbation video of @Janny12 ... 872 5.60 (1.39) 5.34 (1.37) 5.43 (1.51)
Total 2,936 5.54 (1.45) 5.30 (1.38)  5.30 (1.55)
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Table 10. GLM Results, Indicating the Interaction Effects on Perceived Consistency, Transparency, and

Voice.

Fairness aspect Interaction between variables SS af MS F
Classification 8.35 2 418 2.0
Guidelines 3.26 2 163 .80
Text box - 1 - -
Moderator 1.00 2 .50 .24
Classification x Guidelines 10.68 4 267 1.27
Classificationx Text box 8.53 2 427 2.02
Consistency Classification x Moderator 4.72 4 118 .56
Guidelines x Text box 4.89 2 244 1.16
Guidelines x Moderator 3.95 4 99 47
Text box x Moderator 6.71 2 335 1.59
Classificationx Guidelines x Text box 5.17 4 129 .61
Classificationx Guidelines x Moderator 2754 8 344 1.63
Classification x Text box x Moderator 1.63 4 4 .19
Guideline x Text box x Moderator 11.79 4 295 1.40
Classification x Guidelines x Text box x Moderator 17.37 8 217 1.03
Classification 3.53 2 177 94
Guidelines 4155 2 2078 1105
Text box 2.15 1 2.15 2.14
Moderator 1.71 2 .86 .46
Classification x Guidelines 1.78 4 44 .24
Classification x Text box 4.17 2 2.09 1.11
Transparency Classification x Moderator 8.27 4 207 1.10 .
Guidelines x Text box 1589 2 795 4.22
Guidelines x Moderator 6.88 4 172 92
Text box x Moderator 9.13 2 457 2.43
Classificationx Guidelines x Text box 9.28 4 232 1.23
Classification x Guidelines x Moderator 13.11 8 164 .87
Classification x Text box x Moderator 13.71 4 343 1.82
Guidelines x Text box x Moderator 7.91 4 198 1.05
Classification x Guidelines x Text box x Moderator 12.69 8 159 .84
Classification 1024 2 512 2.27
Guidelines 6.42 2 321 1.43
Text box 404.06 1 404.06 179.48"
Moderator 1.89 2 .95 42
Classification x Guidelines 10.11 4 253 1.12
Classification x Text box 3733 2 18.67 829
. Classification x Moderator 14.30 4 358 1.59
Voice -
Guidelines x Text box 4.66 2 233 1.04
Guidelines x Moderator 1.41 4 35 .16
Text box x Moderator 1.63 2 .82 .36
Classification x Guidelines x Text box 2.65 4 .66 .29
Classification x Guidelines x Moderator 12.85 8 161 71
Classification x Text box x Moderator 3.41 4 85 .38
Guidelines x Text box x Moderator 5.58 4 139 .62
Classification x Guidelines x Text box x Moderator ~ 9.55 8 119 .53

* indicates p < 0.05 and *** indicates p < 0.001.

ACM Trans. Soc. Comput., Vol. x, No. x, Article xxx. Publication date: 2026.



Xxxx:40 Shim and Jhaver

Table 11. Interaction Effects of Classification Scheme and Text Box on Perceived Voice.

Fairness aspect Interaction between the two variables MD SE

Simple - No classification 3477 10

No text box Detailed - No classification .35 .10

. Detailed - Simple classification .01 .10
Voice

Simple - No classification -05 .10

Text box is provided Detailed - No classification -20 .10

Detailed - Simple classification  -.15 .10

*** indicates p < 0.001.

Table 12. Results Summarizing Whether Different Choices of Flagging Table 13. Results Summarizing Whether Different Choices
Components Impact Participants’ Cognitive Burden. of Flagging Components Impact Participants’ Future Use.

Components  SS df MS F t Components SS df MS F t
Classification 8.14 2 4.07 1.31 - Classification 91 2 46 .19 -
Guidelines 17.63 2 8.81 2.83 - Guidelines 12 2 06 .03 -
Text box - 2933.87 - - -3.03" Text box - 293017 - - -107
Moderator 4.01 2 2.00 0.64 - Moderator 8.40 2 420 1.77 -

** indicates p < 0.01.
In the above tables, ANOVA results are presented for ‘Classification,” ‘Guidelines,” and ‘Moderator’
components and t-test results are presented for the “Text Box’ component.
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